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Prerequisites

Emotion recognition part of Speech Based Classification

[
constant EC for ternary classification — = —— EC for ternary classification
features hge and multiword good quality Gender and multiword good quality
input inp Lt
origin BC for ¢ learly sociallly —] E.a.bavarian. EC for binary ~————
related Sociolect |distinguished user groups — Dialect [classification (about 10% over .
(binary) k chance level) :n:
language WC for closely related - E.q.french accent. EC for . —
related Language languages, shortutterances E Accent |pinary classification of far- —
and bad audio related langua ges.
Phvsical EC forbinary classification with |—=o—— Mental E.q. depression recgnition. BC — &0
rr,]:_!?;l‘[lggj y clearly distinguished user- E for clearly distinguishe
Health  jroups Health d user groups.
mood Shortterm E-o.stress, tiredness. ECfor — Mood E.q. anger, joy. BC forbinary  —eo ——
related . binary classification and good ) classification and clearly
Condition  quality multi-ward input. E Emotion expressed emotion (e.q. hot
| andger).
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Applications

= Ways to classify applications
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Applications

Some ideas
= Fun applications, e.g. “how enthusiastic do | sound”
Problematic dialog detection

Alert systems, i.e. analysis of urgency in speaker’s voice

Adapted dialog and/or persona design
Believable agents, artificial humans
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Applications

Some conciliation strategies in dialogs

= Distraction/ change of topic, without showing an interest for the
negative emotions

= Providing information, which rebuts the possibly wrong L PCAATRIC

assumptions that led to a negative emotional state. HELP 5¢

= Feedback / Mirroring the perceived emotions in order to show
awareness for the communicators emotional state. !

= Emphatic utterances, that show ones’ sympathy for the
communicators emotions R
THE DOCTOR

o Furthgr encouragement of the communicator to express his | I5 <]
emotional state :

= Pointing out alternatives for being angry or frustrated

= Humor / Joking / Teasing. Reason (appeal to the
communicators senses)

e R
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Applications

What did we do

= Voice portal anger detection
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Applications

What did we do
= Collected 22 hours of tuning data
= Three labelers annotated on 1-5 + garbage anger scale

Sarbage
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Mot Angry

Angr
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Applications

What did we do

= Experimented with GMMs and SVM and
different feature groups

Classifier average fl | average recall

Exp.l: GMM w. other training 0.46 0.55
Exp.1: GMM w. duration feat. 0.58 0.57
Exp.1: SVM w. duration feat. 0.66 0.67
Exp.l: GMM reduced feat. 0.61 0.61
Exp.1: SVM reduced feat. 0.70 0.69
Exp.2: GMM w/o priors 0.68 0.67
Exp.2: GMM with priors 0.70 0.69
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Challenges

What is an emotion?

Data collection (egg-hen problem)
Strange data

Industrial deployment requirements

Emotional behavior implicates intelligence
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Conclusio

= Challenges

= Difficult, noisy data

= Unclear what the target emotion is

= Emotional behavior implicates intelligence
= Strategies

= First step non-critical applications

= But
= Humans do i,
= We candoit! “/think it's not impossible (Euler)”
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